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The present study utilized a genetic algorithm to optimize the hyperparameters of an MLP neural
network. The key hyperparameters, including the hidden layer sizes, number of epochs, learning rate,
and optimization algorithm, were subjected to optimization using the genetic algorithm. The Iris flower
dataset and the handwritten Numeral dataset were employed to evaluate the performance of the optimized
model. The results showed significant improvements in the classification accuracy achieved through the
genetic algorithm optimization. The Iris dataset yielded a perfect accuracy of 100%, indicating excellent
classification performance. Similarly, the handwritten Numeral dataset achieved an accuracy of 94%,
demonstrating the effectiveness of the optimized model in recognizing handwritten Numeral. These
findings underscore the importance of genetic algorithms in fine-tuning and enhancing the
hyperparameters of MLP neural networks. The application of the genetic algorithm resulted in improved
performance and increased classification accuracy in both datasets, showcasing the potential of this
approach in improving the performance of neural network models.
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